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M E MG WEIGHT INITIALIZATION
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« def weight_variable (shape):

initial = tf.truncated_normal(shape, stddev=0.1)

return tf.Variable (initial)

« def bias_variable(shape):

initial = tf.constant(0.1, shape=shape)

return tf.Variable(initial)
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TensorFlow also gives us a lot of flexibility in convolution and pooling operations.
HBREH 1K (stride size) , OiE (padding size) IR, {RiEd H A 2 [F—> ok
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Ak H i 54T G 12X 2 Kb AR AR fitimax pooling
def conv2d(x, W):
return tf.nn.conv2d(x, W, strides=[1, 1, 1, 1], padding='SAME’)
def max_pool_2x2(x):
return tf.nn.max_pool(x, ksize=[1, 2, 2, 1],
strides=[1, 2, 2, 1], padding='"SAME’)



stepl, HINE
x_image = tf.reshape(x, [-1,28,28,1])
tf.reshape(tensor, shape, name=None) i #tensorfiz ik

step2, FH—EHHMIL

W_conv1 = weight_variable([5, 5, 1, 32])

b_convl = bias_variable([32])

h_convl = tf.nn.relu(conv2d(x_image, W_convl) + b_convl)
h_pooll = max_pool_2x2(h_convl)

stepl3, FH - EHR AL

W_conv2 = weight_variable([5, 5, 32, 64])

b_conv2 = bias_variable([64])

h_conv2 = tf.nn.relu(conv2d(h_pooll, W_conv2) + b_conv2)
h_pool2 = max_pool_2x2(h_conv?2)



step4, EEEE

W_fcl = weight_variable([7 * 7 * 64, 1024])

b_fcl = bias_variable([1024])

h_pool2_flat = tf.reshape(h_pool2, [-1, 7*7*64])

h_fcl = tf.nn.relu(tf.matmul(h_pool2_flat, W_fc1) + b_fc1)

step5, MME
keep_prob = tf.placeholder(tf.float32)
h_fc1_drop = tf.nn.dropout(h_fc1, keep_prob)

stepé, Hitl )=

W_fc2 = weight_variable([1024, 10])

b_fc2 = bias_variable([10])

y_conv = tf.matmul(h_fc1_drop, W_fc2) + b_fc2



step7, T ATIIZE
cross_entropy = -tf.reduce_sum(y_*tf.log(y_conv))
train_step = tf.irain. AdamOptimizer(1e-4).minimize(cross_entropy)
correct_prediction = tf.equal(tf.argmax(y_conv, 1), tf.argmax(y_,1))
accuracy = ff.rreduce_mean(tf.cast(correct_prediction, "float”))
sess.run(tf.initialize_all_variables())
foriin range(20000):
batch = mnist.train.next_batch(50)
if 1%100 == 0:
train_accuracy = accuracy.eval(feed_dict={
x:batch[0], y_: batch[1], keep_prob: 1.0})
print "step %d, training accuracy %g'%(i, train_accuracy)
train_step.run(feed_dict={x: batch[Q], y_: batch[1], keep_prob: 0.5})

print "test accuracy %g"'%accuracy.eval(feed_dict={
X: mnist.test.images, y_: mnist.test.labels, keep_prob: 1.0})



